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JASP analysis script associated with Experiment 2:

http://irrational-decisions.com/phd-thesis/analysis-script-exp2.jasp

Auditory stimuli as utilised in Experiment 3 and 4 (*wav files)

http://irrational-decisions.com/phd-thesis/auditory-stimuli/stimulus-0.6.wav

http://irrational-decisions.com/phd-thesis/auditory-stimuli/stimulus-0.8.wav

Comprehensive summary of the NHST analysis associated with Experiment 3:

http://irrational-decisions.com/phd-thesis/exp3/results-exp3.html

Comprehensive summary of the NHST analysis associated with Experiment 4:

http://irrational-decisions.com/phd-thesis/frequentist-analysis-exp4.html

Comprehensive summary of the Bayes Factor analysis associated with Experiment
4:

http://irrational-decisions.com/phd-thesis/bayesfactor-analysis-exp4.html

JASP analysis script associated with Experiment 4:
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http://irrational-decisions.com/phd-thesis/analysis-script-exp4.jasp

Interactive 3-dimensional scatterplot of the MCMC dataset associated with
Experiment 1 as a MP4 video file:

http://irrational-decisions.com/phd-thesis/scatterplot3d-openGL.mp4

Monte Carlo dataset associated with Experiment 1:

http://irrational-decisions.com/phd-thesis/mcmc-chain-exp2.txt

“BEST.R” script for MCMC based Bayesian parameter estimation:

http://irrational-decisions.com/?page_1d=1996
High-resolution of “Google Trends” timeseries:

http://irrational-decisions.com/phd-thesis/gtrends-mcmc.pdf

Dataset underlying the “Google Trends” timeseries:

http://irrational-decisions.com/phd-thesis/gtrends-mcmec.txt
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